Die Dokumente auf EconStor dürfen zu eigenen wissenschaftlichen Zwecken und zum Privatgebrauch gespeichert und kopiert werden.
Introduction
Whenever a central government faces a sub-unit in financial distress, the unpleasant question that arises is whether to assist the unit or not. On the one hand, neglecting to bail out the unit may lead to default or bankruptcy, which could be very costly both economically and politically. On the other hand, bailouts may create problems of soft budget constraints: noting that the central government steps in in times of trouble, sub-units may come to expect that bailouts will be available when needed. Thereby, their incentive for fiscal discipline is eroded (Kornai, 1979; Wildasin, 1997; Goodspeed, 2002; Inman, 2003) . The current situation in regions and countries within the EMU provides a clear illustration of the dilemma, but the empirical relevance of the problem is also backed up by more systematic evidence from studies of fiscally decentralized countries. 1 A possible way out of the dilemma may be to grant the sub-unit assistance, but condition payment on actions that lay the ground for fiscal discipline. We investigate a case in which the Swedish central government provided conditional bailouts to 36 municipalities in fiscal distress. 2 The 36 municipalities were granted extra funds, but payment was contingent on them first cutting certain costs and achieving budgetary balance. At the closure of the program, it was evident that there was a short-term effect on fiscal performance, as all admitted municipalities managed to meet the conditions. But the more interesting question is whether this newly acquired fiscal discipline was retained after the program, when there was no longer an explicit incentive for such behavior. To address this question, we analyze the evolution of per capita costs as well as revenues net of costs (henceforth referred to as net revenues) during the decade after the launch of the program.
To draw firm conclusions about the program effect, we would ideally have wanted municipalities to be randomly assigned to the program. However, non-random assignment is an inescapable feature of bailout programs since, by design, such programs are directed to a selected sample of units, namely those in fiscal distress. In the current context, this is illustrated by the fact that all 290 municipalities had the option to apply to the program, but only 36 of the 59 that chose to apply were judged to be eligible. The experience of being denied participation in the program is a kind of treatment in its own, and we analyze the fiscal performance also of the rejected municipalities. 3 Instrumental variable estimation would overcome the selection problem in principle.
1 See Rodden (2002) ; ; Plekhanov (2006) ; Bordignon and Turati (2009); PetterssonLidbom (2010) ; Baskaran (2012) ; Fink and Stratmann (2011) , and Lusinyan and Eyraud (2011) . Kornai et al. (2003) survey the theoretical literature and provides further empirical examples.
2 The transfers were not last minute rescue attempts in the face of imminent defaults. We use the term "bailout" to comply with the terminology in the literature on soft budget constraints, where the term is also used to denote discretionary transfers to cover deficits (see e.g. Fink and Stratmann (2011, p. 367) ).
3 As most municipalities do not end up in fiscal distress, we are interested in the (conditional) average treatment effect on the treated for both groups (Imbens and Wooldridge, 2009 ).
As the program was explicitly directed to municipalities with poor fiscal performance, it is difficult to envision variables that are correlated to program status, but uncorrelated to our outcome variables, and even harder to come up with separate instruments for admission and rejection. Instead, we use the synthetic control method for case studies, developed in Abadie and Gardeazabal (2003) and Abadie et al. (2010) , to identify appropriate comparison units for each of the municipalities affected by the program. This algorithm constructs a synthetic control municipality for each affected municipality as a weighted average of untreated municipalities. The weights are chosen to make the synthetic control match the actual municipality in terms of observable pre-program characteristics, including the pre-program development of costs. Two assumptions are needed to interpret differences in the fiscal performance of actual and synthetic municipalities as causal effects of the program. First, program participation must be independent of potential outcomes, conditional on covariates (Imbens and Wooldridge, 2009 ). 4 That is, a causal interpretation assumes that all post-program differences derive from the program, rather than from differences in unobservable characteristics, in the reaction to post-program shocks, or in the set of shocks experienced. To increase the credibility of this assumption, we estimate fixed effects regressions on the samples of admitted and rejected municipalities and their synthetic controls. Thereby, we explicitly control for time-invariant unobservables and can include covariates to capture post-program changes in observables. 5 The second assumption is the Stable-Unit-Treatment-Value assumption (SUTVA) (e.g. Rubin, 2005) ; that is, the comparison units should be unaffected by the existence of the program. In this regard, we are most concerned about the municipalities that are neighbours to the admitted. Pettersson-Lidbom (2010) used the frequency of deficit grants to neighbouring municipalities as an instrumental variable for expectations of future grants, and showed that such expectations led to higher debt levels during an earlier regime of discretionary transfers in Sweden. However, neighbouring municipalities are also likely to be similar to the treated municipalities in many important dimensions and to experience the same shocks. In a nutshell, the comparison group that would make the first assumption most likely to hold is exactly the group for which the second assumption is most questionable. We therefore run the synthetic control algorithm twice, once including and once excluding neighbours in the "donor pool" of possible comparison units.
We use per capita costs of services as our main measure of fiscal performance and let the synthetic control algorithm search for comparison units based on this variable. 4 The assumption is often called "unconfoundedness" in the program evaluation literature. Another assumption needed for selection on observables to work is that there should be overlap between the distribution of covariates for treated and untreated units (Imbens and Wooldridge, 2009) . We see the synthetic control method as a way to increase the chances that this assumption holds as well.
5 See e.g. Fitzpatrick (2008) ; Hudson (2010) for similar estimation strategies.
For the rejected municipalities, costs appear to be unaffected by the program regardless of whether neighbours are included in the donor pool or not. For the admitted municipalities, we find permanent cost reductions on average when neighbours are allowed to contribute to the synthetic controls, whereas the estimated average effects are insignificant when neighbours are excluded from the donor pool. An examination of the actual-synthetic cost difference for each municipality further reveals that the average cost reduction found when neighbours are included in the donor pool is driven by a third of the admitted municipalities; the remaining two-thirds show no divergence from their synthetic control. A tentative exploration of this heterogeneity suggests that the incumbent politicians in the former group were initially more certain to be re-elected; they could thus afford to hold back costs without fear of losing the next election. The latter group on the other hand increased their revenues more, which indicates that they chose another strategy to deal with their fiscal problems.
In accordance with these findings, we find positive, significant and large average effects on the net revenues of admitted municipalities for many post-program years when estimating similar fixed effects specifications on the sample of actual and synthetic municipalities. For net revenues, we find positive effects regardless of whether neighbours are included in the sample or not. For the rejected municipalities, the estimates for net revenues are often positive but less often significant.
Taken together, our results indicate that the program has not undermined the fiscal discipline of municipalities participating in the program; it may even have had a beneficial impact. The two identifying assumptions are basically untestable though; we cannot rule out that the results reflect differences in (time-variant) unobserved motivation for improving fiscal discipline that is unrelated to the participation in the program. However, the fact that the turn towards more fiscal discipline coincides with the initiation of the program suggests that the experience of being in program had a beneficial effect per se.
To the best of our knowledge, this is the first attempt to investigate the impact of conditional bailouts on the fiscal performance of local governments. Our results stand in contrast to findings from settings with unconditional bailouts (see footnote 1), which suggests that conditions may be key to dampening the soft-budget effect of central government bailouts.
The rest of the paper is structured as follows: section 2 outlines the institutional background. Section 3 presents the data and discusses the choice of fiscal performance measure. Section 4 describes our estimation strategy and introduces the synthetic control method, while section 5 contains the estimation results. Section 6 explores potential sources of the heterogeneity in program effects. Section 7 concludes.
Institutional background
The 290 Swedish municipalities are responsible for the financing and provision of several important public services such as primary to upper secondary schooling, and elderly care. Municipal expenditures accounted for approximately 14 percent of Swedish GDP in 2010, almost half of the public sector's total expenditures for final consumption and investments (Statistics Sweden, 2012b) . Revenues mainly derive from a proportional income tax, with the tax rate set freely by each municipality. On average, about 12 percent of revenues come from a rule-based equalization system. 6 Central government discretionary transfers, which are more likely to lead to soft budget constraint problems , have varied in prevalence over time. Before 1993, municipalities could apply for unconditional grants to cover deficits each year. Since a major reform of the grant system in 1993, the central government has been considerably more restrictive with discretionary transfers. Still, it is unlikely that municipalities view their budget constraints as binding under all circumstances. Equal access to public services in the whole country is an important objective for the central government and municipalities are prohibited by law to default on debt; thus, the national government would likely step in if a municipality was threatened by insolvency (Dahlberg and von Hagen, 2004) .
The program under study was announced in August 1999, in connection to the approaching implementation of the Balanced Budget Act (which would come into effect in the year 2000). The act states that municipalities have to attain budgetary balance each year, and if deficits occur, they have to be recovered within the subsequent three years. 7 However, in 1999 the central government noted that quite a few municipalities would have substantial problems with achieving budgetary balance on time, due to structural factors perceived to be beyond the control of local politicians. In the fall of 1999, the government therefore decided to install a committee, Kommundelegationen, to investigate whether some municipalities should be granted financial assistance to mitigate their problems. To be considered for the program, municipalities had to apply in November 1999 at the latest; in all, 59 municipalities applied. 8 Compared to the municipalities that did not apply, the applicants had higher costs, higher debt and a lower equity ratio in 1998, and had witnessed a larger population decline between 1994-1998 (see Appendix A, tables A.1-A.3). They and their neighbours 6 In 2010, revenue from income taxes made up approximately 65 percent of total municipal revenues, fees 21 percent, and government grants from the equalization system 12 percent (Statistics Sweden, 2010) .
7 Nevertheless, the law allows for exceptions, for example if the deficit is caused by unconverted losses in stocks and bonds, or if the municipality has previously amassed large amounts of wealth. It is in practice not enforced by any sanctions either (Swedish Government, 2004) . 8 Two more municipalities initially applied but withdrew their application before the government made its decision. These two are not included in the rejected group in our specifications.
moreover received more discretionary transfers before 1993; they may thus have had higher expectations about receiving the grant (Pettersson-Lidbom, 2010) . During the spring of year 2000, the delegation held an initial meeting with each applicant and discussed its situation. According to the official report, the delegation used the following criteria to decide whether each applicant should be considered further or not (SOU, 2003) :
• Structural problems, e.g. demographic changes and low employment rates.
• Projected deficits over the coming three years.
• Weak balance sheet, in particular a high level of debt.
• Limited possibilities of increasing revenues.
The municipalities whose applications were not rejected were asked to come up with a proposal of cost reductions. These proposals formed the basis for a discussion of the necessary conditions to be fulfilled in order to receive the grant. The resulting agreements were approved by the respective municipal councils (SOU, 2003) .
In early October 2000, the government took the formal decision about admission, in accordance with the delegation's proposal (SOU, 2003, Appendix 1) . Surprisingly, given the above criteria, there are no significant differences between the admitted and the rejected with regards to the cost structure, debt level and demographic changes (Tables A.1 and A.2) . This suggests that projected future revenues was the most important of the selection criteria and the official motivations for rejection support this interpretation (Swedish Ministry of Finance, 2000) . 9 The size of the grant was non-negligible; on average, it amounted to four percent of the program municipalities' cost level in the year 2000. The grant was supposed to be set as a fixed (i.e., same for all admitted municipalities) share of the cost reductions in the agreement; however, it is not entirely clear from the official documentation whether this practice was strictly applied (SOU, 2003) .
To receive the full grant, the 36 admitted municipalities had to meet two conditions by the end of year 2002. First, they would have to cut the costs specified in their agreement with the government. Second, they would have to achieve budgetary balance. According to the committee's report to the government, the actions of the municipalities were continuously monitored during the program period (SOU, 2003) . 10 9 The three committee members were politicians; two were social democrats and the third was from the Centre party. As Dahlberg and Rattsø (2010) note, political factors such as key voter districts or party concerns do not seem to explain selection into the program.
10 Whether the central government would actually be tough and apply the conditions, or give in and pay the whole sum anyway, was uncertain at the beginning of the program. For example, an audit report (Siverbo, 2004 ) (i.e. after most of them had received the whole grant). Interviews with representatives from some of the admitted municipalities moreover suggest that the program succeeded to make a substantial change in only some municipalities, while other indicated that they had not succeeded to make the turn towards fiscal responsibility (Siverbo, 2004; SOU, 2003) .
A related program complicates the story somewhat. In several of the Swedish municipalities, the real estate boom-and-bust in the beginning of the 1990s left the publicly owned housing companies highly indebted and with a large over-supply of apartments. In the late 1990s, several municipalities called for help from the central government, which installed a committee (Bostadsdelegationen) to assist with the reconstruction of insolvent housing companies. Together with each municipality in the housing program, this committee decided on the number of apartments that would be phased out, 11 and a costsharing arrangement between the central and local government, typically a 50-50 split. Other conditions forced municipalities to increase equity in housing companies to balance write-downs of assets and prohibited dividends for several years.
During 1998-2005, as many as 52 municipalities were in the housing program at some time. In fact, 23 out of the 36 in Kommundelegationen also received assistance from the housing program (Swedish National Board of Housing, Building and Planning, 2005) . 12 For these 23 cases, we can only estimate the combined effect of the two programs. We do not view this as very problematic, as the two programs were similar in spirit, but discuss the issue more in sections 4.2 and 6. 13 from 2000 raises concerns about the central government's toughness and encourages the government to terminate the program (Swedish National Audit Office, 2000, p. 9) .
11 In several cases phasing out implied tearing down fully functional houses. 12 Of these 23, 6 entered the housing program in 1999, before they were admitted by Kommundelegationen, and 4 entered the housing program after 2002. 13 We focus on Kommundelegationen as it was directly connected to the overall fiscal performance of the municipalities. Housing is just one part of municipal services and far from the largest in terms of operating costs; it is also a non-obligatory part. Kommundelegationen in principle addressed all of the municipal administration. For a short term evaluation of the housing program, see Swedish National Board of Housing, Building and Planning (2005) .
Data
We obtain municipality-level data on a set of economic, political and structural variables for all 290 municipalities and for each year between 1993-2010 from Statistics Sweden. The reform of the intergovernmental equalization grant system is the prime reason why we do not collect data further back than 1993. Besides, there were other major reforms put in place about the same time; specifically, the school system and the provision of long-term care to the elderly and disabled came under municipal responsibility in 1992.
Comparisons further back in time may thus be misleading.
Dependent variable
Of the available measures of fiscal performance, we find the two prime candidate measures from the balance sheet -the debt level and the equity ratio -unsatisfactory for two reasons. First and most importantly, there were substantial differences among municipalities in the accounting of debt before the Municipal Accounting Act came into effect in 1998. Some important differences still remain today, notably in regard to the accounting of pensions. Second, balance sheet measures are heavily influenced by extraordinary historical events, such as sales of e.g. public companies and real estate. We therefore delimit our choice set to the items on the revenues and costs statement, and settle for the (log of) per capita operating costs as the main dependent variable. 14 We also provide results with revenues net of costs (henceforth referred to as net revenues) as the outcome variable. A technical reason to focus on costs rather than net revenues is that the latter variable fluctuates a lot from year to year (for idiosyncratic reasons), which makes the synthetic control method more difficult to apply.
Covariates
The dataset contains several potential cost predictors which are used as inputs in the synthetic control matching algorithm and covariates in the fixed effects regressions. The ability to raise revenues is accounted for by the tax base size (taxable income per capita), per capita central government grants, and the employment rate (for the population +16 years). We account for the demographic structure by the population size, the share of children (0-14 years) and the share of elderly (+65 years). We moreover account for dif- 14 We log costs to obtain better fit in the regressions and for interpretational ease. All economic variables are in 2010 prices. Financial costs are not included in the cost measure, partly because this item fluctuates a lot from year to year, and partly because financial costs are to some extent beyond the control of the municipalities.
ferences in policy preferences and political landscape by the share of right-wing parties, 15 the Herfindahl index of political concentration, 16 and the number of seats in the municipal council. 17 Summary statistics for the year 1999 can be found in Appendix A. Tables A.4 and A.5 show that the differences between the groups of admitted and rejected municipalities in terms of the covariates are small (and not significant). On the other hand, compared to those who did not apply (Table A .6), all of the variables are significantly different on at least the 10 percent level for both groups of applicants. Applicants on average had smaller tax bases, received larger equalization grants, had lower employment rates, had smaller and older populations, more left-wing voters, and a municipal council that was less fragmented and had fewer seats. The data also contains two proxies for initial bailout expectations: (i) the number of deficit grants from the central government received during 1979-1992, and (ii) the average share of each municipality's neighbours that received discretionary grants over the period 1979-1992. 18 In accordance with the results in Pettersson-Lidbom (2010) , both the number of discretionary grants and the share of neighbours with grants is significantly higher for applicants than for non-applicants. The former variable is not significantly different between the admitted and rejected groups, while the latter is; a larger share of neighbours of admitted municipalities received transfers during the earlier regime.
Empirical strategy
The non-random selection into the program means that a simple regression of per capita costs on program status on the sample of all municipalities is unlikely to capture the causal effect of the program (Angrist and Pischke, 2008; Dahlberg et al., 2008) . As high costs and poor fiscal performance in general were reasons to apply for the program, it is difficult to envision an instrumental variable that would be correlated to program status but uncorrelated to performance (conditional on program status). Consequently, it is even more difficult to find two separate instruments for admission and rejection.
Instead, we use the synthetic control method, which is described in more detail in Section 4.1, to select a comparison group that contains only units that are similar to the affected municipalities from the larger group of municipalities that did not apply to 15 Pettersson-Lidbom (2008) find that municipalities with left-wing governments have higher levels of spending. However, in line with the model of Persson and Svensson (1989) , right-wing municipal governments accumulate more debt when their probability of electoral defeat is high (Pettersson-Lidbom, 2001) . 16 Defined as H = i (vote share of party i) 2 (see e.g. Borge, 2005) . 17 In the political economy literature, the size of the decision making body has been argued to influence costs (Weingast et al., 1981) . See e.g. Perotti and Kontopoulos (2002) and Pettersson-Lidbom (2011) for (conflicting) empirical evidence.
18 Neighbours are defined as sharing land borders.
the program (the "donor pool"). To study the average effects of the program, we then estimate fixed effects (FE) regressions on the resulting samples of admitted or rejected municipalities and their respective synthetic controls for the period 1999-2010 (see section 4.3 for details). The FE framework has some advantages over a simple comparison of the developments in actual and synthetic municipalities: 19 First, it allows us to explicitly control for time-invariant unobservables when comparing the actual and synthetic costs in the post-program period. In particular, since we include the year 1999 in the sample, the fixed effects capture unobserved initial motivation for fiscal discipline, which is otherwise one of the key confounders. Second, the FE frameworks allows us to include a set of covariates to examine to what extent the actual-synthetic differences are driven by postprogram changes in observables.
For a causal interpretation, we need to assume that comparison units are not affected by the program; i.e. that the Stable-Unit-Treatment-Value assumption (SUTVA) holds (Rubin, 2005) . The validity of this assumption depends crucially on the choice of donor pool, which we discuss further in section 4.2.
As the synthetic control algorithm estimates the yearly actual-synthetic difference in costs for each municipality affected by the program, we lastly take the opportunity to explore the heterogeneity in responses to the program. To draw inference on the significance of each municipality's average difference, i.e. to classify the change in costs as a reduction, no change, or an increase, we create empirical distributions of placebo effects by estimating synthetic controls for the municipalities in the donor pool as well (see Section 4.4 for a fuller description).
The synthetic control method
The synthetic control method for case studies was first used in Abadie and Gardeazabal (2003) and further developed in Abadie et al. (2010) . 20 For each municipality i affected by the program, a synthetic control municipality is constructed as a weighted combination of the j municipalities not affected by the program (the "donor pool"). The weights are chosen so as to make the synthetic control similar to the program municipality in terms of some relevant characteristics (cost predictors in our case) during the pre-program period, and to make the synthetic control reproduce the pre-program outcome path for the program municipality. Technically, let the donor pool be of size j, let w denote a j × 1 vector of weights, Z dp a k × j matrix of k cost predictors and y dp t a j × 1 vector of pre-program outcomes at time t. Let T 0 denote the period when the program starts. The 19 The potential drawbacks are stronger assumptions on functional form and the distribution of residuals.
We provide estimates of the "raw" actual-synthetic differences as well as inference from a method based on the empirical distribution of placebo tests in Appendix B.
20 For earlier applications, see also e.g. Moser (2005); Fitzpatrick (2008) ; Hudson (2010); Hinrichs (2012) .
synthetic control algorithm searches for weights w that make Z i = Z dp w y i,t = j w j y dp j,t
hold, where Z i are the cost predictors and y i is the time-t pre-program outcome for a municipality affected by the program. In case there is no w that make these equations hold exactly, the weights are chosen to make the synthetic control as similar to the actual municipality as possible. To do this, the algorithm minimizes the Mean Square Prediction Error (MSPE) over the pre-program period.
A large pre-program MSPE implies that the pre-program similarity of the actual and the synthetic unit is poor. As the method then has failed to construct a valid counterfactual, using such estimates for inference can be questioned (Abadie et al., 2010) . However, there is no convention developed regarding the MSPE cut-off of a "sufficiently good" synthetic control. We evaluate our results at several different cut-offs for the pre-program root MSPE (RMSPE). For municipalities whose pre-RMSPE exceeds each threshold, the effect is classified as indeterminate at the given threshold. Note that the RMSPE can be interpreted as a difference in percent (because the dependent variable is logged); thus, if pre-RMSPE is below 0.05, the absolute difference between actual and synthetic unit costs is lower than 5 percent on average during the pre-program period.
Estimation is performed by the synth package for Stata. 21 In Z, we include the debt level and equity ratio in 1998, population growth between 1994 and 1998, the average share of neighbours receiving a discretionary transfer in 1978-1992, and the average over the whole pre-treatment period (the default option in synth) of the following variables: taxable income per capita, central government grants per capita, employment rate, population size, share of population of age 0-14 and over 65, share of right-wing parties, Herfindahl index and the number of seats in the municipal council. These characteristics are statistically significant in initial regressions of costs for the whole sample of municipalities (results available on request). We also include three lags of the dependent variable (1993, 1996 and 1998) 
Two features of the synthetic control method are potentially problematic in our setting. As the risk of bias decreases with the number of pre-program periods (Abadie et al., 2010) , there may be too few pre-program years to produce good controls. Moreover, the method may fail to construct good controls for units that are extreme in terms of preprogram characteristics, as it is difficult (or even impossible) to find suitable combinations of the donors for such units. 22 Recalling the descriptive statistics (Appendix A), the municipalities applying for the program are quite likely to be extreme. Importantly, though, 21 Unlike the September 2012 version of this paper, we now use the nested allopt option of the algorithm.
This reduces the pre-program RMSPE's, especially when using the donor pool excluding neighbours.
22 More formally, this may be the case if the set of pre-program predictors of a unit falls far from the the relevance of these two concerns can be judged after the estimation, as it is possible to examine the pre-program fit of each synthetic control.
Selection of donor pool
One advantage of the synthetic control method is that it implies a data-driven choice of comparison group (Abadie et al., 2010) . Nevertheless, this does not imply that any municipality should be included in the donor pool. First, we exclude the admitted and the rejected municipalities from the donor pool, as they were directly affected by the program and thus violate SUTVA. A case can be made that the rejected should be included in the donor pool for the admitted -or even that they should constitute the whole donor pool. As seen from Tables A.1-A.2, the admitted and rejected are very similar in many dimensions and we also know that they both showed the intention to be treated. However, given that rejection is a kind of treatment in its own, it is uncertain to what extent a difference between the admitted and rejected would reflect the effect of being in the program. Because the concurrent housing program (see section 2) may have affected costs directly as well as indirectly (through bailout expectations), we exclude municipalities that were admitted to or rejected from the housing program. We also exclude large cities (as defined by the official classification from Statistics Sweden), which, due to their different cost structure and labour market, are unlikely to be suitable comparison units, and the municipality of Gotland, which has a broader set of responsibilities than the other municipalities. Other municipalities are excluded for more technical reasons, namely municipalities that were formed during or after the pre-program period and two municipalities that were formed in 1992 (for which we lack data on some matching variables).
A particularly difficult choice is whether or not to include neighbouring (to the admitted) municipalities in the donor pool. As neighbours are likely to share the same economic, political, and structural characteristics, and experience similar shocks, they are likely to be important contributors to the synthetic controls and thus make the assumption of unconfoundedness more likely to hold. However, if neighbours keep track of what is going on in bordering municipalities, it is possible that the neighbours of admitted municipalities interpreted the admission of their neighbours as a general softening of the municipal budget constraint and thus relaxed their fiscal efforts. If so, SUTVA does not hold. The results in Pettersson-Lidbom (2010) provide a reason for such suspicions, though we would argue that spillover effects on neighbours are less likely in the current context: in contrast to what was the case for the earlier deficit grants, the program studied here was limited in time, employed relatively clear selection criteria and rejected a large share of applications convex hull of the set of predictors of the units making up the synthetic control, in which case the identifying assumptions of the synthetic control method may not even hold approximately (Abadie et al., 2010) .
(almost 40 percent). It is therefore far from obvious that other municipalities, including neighbours, interpreted the program as a significant softening of the budget constraint.
To sum up, if we could prove that there was no spillover effect of the program on the neighbours, we would most definitely want to include them in the donor pool. Since it is impossible to prove this, we estimate synthetic controls twice: once including and once excluding the neighbours of admitted municipalities from the donor pool. The donor pool consists of 136 municipalities when neighbours are included, and 103 when neighbours are excluded. 23
Fixed effects estimations
Our general estimation equation is
where X it is a vector of cost determinants 24 and D it is a dummy variable that capture the year-specific program effect; i.e. the t'th dummy equals 1 for admitted (rejected) municipalities all years t ≥ 2000 and are zero for all other observations -in particular, it is always zero for the synthetic municipalities. λ t is a vector of time dummies, µ i is a vector of fixed effects for each municipality -note that the actual and synthetic versions of municipality i have separate fixed effects -while ε it is an idiosyncratic error term.
To compute the values of the covariates and the dependent variable for the synthetic municipalities, we use the weights obtained from the synthetic control estimation. For each variable, the value for the synthetic control is the weighted sum of the values for the municipalities that comprise the synthetic control. The chosen specification, with separate program dummies for each post-program year, has two advantages over a specification with only one single program dummy for the postprogram period. First, we can compare the average effect for each year with the raw difference from the synthetic control estimations. Second, Laporte and Windmeijer (2005) show that if the yearly effects differ, then a single-dummy version may be biased.
y it is either the log of per capita costs or the per capita net revenues. It should be noted that we then assume that the municipalities contributing to the synthetic control for costs are also suitable comparison units for net revenues. This seems like a reasonable assumption given that they are similar in terms of cost structure as well as political, economic and demographic characteristics.
Heterogeneity and placebo tests
In our exploration of the heterogeneity in responses to the program, we use placebo tests to classify each affected municipality's average effect (computed over 2000-2010) as a cost increase, a cost reduction or no change.
To obtain a placebo distribution of effects, we follow Abadie et al. (2010) and construct synthetic controls for each municipality in the donor pool. The average effect for each admitted (or rejected) municipality is then compared to this distribution of placebo effects. A municipality's average effect is classified as significant if either one or both of the following two statistics lie in the extreme deciles of their respective placebo distributions: (i ) the average actual-synthetic difference in per capita costs 2000-2010, i.e.
and, (ii ) the ratio between the post-program RMSPE and the pre-program RMSPE. The first statistic has the advantage of capturing the sign of the effect, while the other has the advantage that it acknowledges the effect size in relation to the fit of the synthetic control. An estimated effect of 0.03 (i.e. 3 percent) is arguably more indicative of a significant effect if the pre-program RMSPE is 0.01 than if it is 0.1.
Results

Estimations and fit
As the program was announced in the fall of 1999 and the admission decision was not made until one year later, we suspect that there was not much time to implement changes due to the announcement in 1999. Therefore, we let the synth algorithm minimize the MSPE over 1993-1999. The donor pool contains more than 100 municipalities, but the synthetic controls generally consist of only a handful of municipalities. 25 A comparison of the pre-program predictor values within each actual-synthetic pair shows that the algorithm generally produces controls that are similar to their actual counterparts, although the equity ratio and the share of right-wing parties seem to have been relatively difficult to match (results available on request). 26 A visual inspection of the pre-program evolution of costs in actual and synthetic municipalities also suggests that the algorithm yields controls with adequate fit for most municipalities, though large pre-program fluctuations in actual costs are a complicating factor in some cases. Table 1 shows the average pre-program RMSPE in each of the four estimations (admitted vs. rejected, including vs. excluding neighbours in donor pool) at different cut-off levels. 27 The pre-program RMSPEs are in the order of 0.01-0.03, i.e. the prediction errors during 1993-1999 typically amount to 1-3 percent of the yearly cost level. At most cutoffs, the synthetic controls of admitted municipalities have a better fit than those of the rejected. The number of municipalities passing the cut-off criterion (pre-RMSPE<cut-off) naturally decreases as the cut-off becomes stricter. The decrease is especially drastic in the estimations where neighbours are excluded from the donor pool, which confirms that neighbours are important contributors to the synthetic controls. (23) (17) (9) (7) In parentheses: number of municipalities whose pre-RMSPE<cut-off.
Average program effects
Figures 1 and 2 present the results from the synthetic control estimations for admitted and rejected municipalities, respectively. The figures show, for each of the years 1993-2010, the average of the raw differences between actual and synthetic log costs per capita. The dashed vertical line indicates the start of the post-program period, i.e. year 2000. The 26 We were unable to construct synthetic controls for admitted municipalityÄlvdalen and rejected municipality Gullspång, due to missing data for some years.
27 Lowering the cut-off even further to 0.01 reduces the number of placebo municipalities substantially (from 97 when pre-RMSPE < 0.02 to 37) and 26 out of 36 program municipalities are categorized as indeterminate. Using 0.04 as a cut-off yields results that are in between the results for 0.03 and 0.05.
black (gray) line represents the average actual-synthetic cost difference when neighbours are included in (excluded from) the donor pool. 28 In the upper right part of Figure 1 (Figure 2 ), the yearly averages are computed over all 36 (22) admitted (rejected) municipalities, regardless of pre-program fit; in the other parts of the figure, the averages are computed over the municipalities that pass the pre-program RMSPE cut-offs of 0.05, 0.03 and 0.02, respectively. For both admitted and rejected municipalities, the estimated average differences are sensitive to whether neighbours are included in the donor pool or not. Starting with the admitted, the upper part of Figure 1 shows that the average actual-synthetic differences are positive most years from 1999 and onwards when neighbours are excluded from the donor pool. For the municipalities passing the lower RMSPE cut-offs (bottom row of figure), there is more or less no difference between actual and synthetic costs. When neighbours are allowed to enter the donor pool, the admitted municipalities have lower costs than their synthetic controls from 2001 onwards for all RMSPE cut-offs. The rejected (Figure 2) show roughly the same pattern as the admitted; unexpectedly high costs when neighbours are excluded from the donor pool disappear when neighbours are included in the donor pool (as well as when applying lower cut-offs). However, unlike the admitted, the rejected never show any sign of reducing their costs in relation to their synthetic controls.
The figures give us a hint of the reason for the deterioration of pre-program RMSPE when neighbours are excluded from the donor pool (c.f. Table 1 ) as much of this deterioration arises due to bad fit in 1999. The sensitivity to the inclusion of neighbours motivates a further investigation. In Appendix C, we therefore estimate synthetic controls for the 33 neighbours as well. In brief, we get a very poor fit for three of the municipalities that figure prominently in the synthetic controls mentioned above. We are unable to sign the effect for two of these, while the third has higher costs than its synthetic control during the post-program period. The average effect is positive; however, most neighbours follow their synthetic controls closely during the post-program period so neighbours in general do not seem to be affected by the program. 29 We next turn to the fixed effects (FE) estimations on the samples including admitted (rejected) municipalities and their synthetic controls over the period 1999-2010. 30 Tables  2 and 3 show the results for the samples of admitted and rejected, respectively. All actualsynthetic pairs enter the estimation; i.e. no pre-RMSPE cut-off is applied. 31 Neighbours 28 The point estimates and bootstrapped p-values for the raw differences in 2000-2010 are also shown in Appendix B, Table B .3 (including neighbours) and Table B .4 (excluding neighbours) respectively.
29 Note that our identifying assumptions carry over to the estimation for neighbours: i.e., just because some of the neighbours increase their costs unexpectedly after the program, we cannot be sure that it is due to the program rather than to something else. are allowed to contribute to the synthetic controls in columns (1)- (2), but not in columns (3)-(4). Columns (1) and (3) show the yearly average cost differences conditional only on municipality-specific and year-specific effects, while columns (2) and (4) show the results conditional also on covariates. When neighbours are included in the donor pool (column 1 of Table 2 ), the admitted municipalities show a significantly lower cost level than their synthetic counterparts from 2001, the first full year of the program, 32 and onwards. When neighbours are excluded from the donor pool (column 3), the estimates are much closer to zero and only significantly negative a few years. None of the coefficients are positive and significant though, contrary to what may be expected from the upper row of Figure 1 . Apparently, the inclusion of municipality-fixed effects entails a downward adjustment of the differences. 33 For the rejected (Table 3) , there are almost no significant differences between actual and synthetic costs, regardless of whether neighbours are included in the donor pool or not. As for the admitted, the fixed effects seem to erase the seemingly positive effects in Figure 2 for the sample excluding neighbours.
Changes in the included covariates do not appear to drive the detected differences, as seen from a comparison of column (1) with column (2) and column (3) with column (4) (for each of Tables 2 and 3); the changes in the magnitude and significance of the results are in general very similar (results available on request).
32 Recall that applications were not approved/rejected until late 2000. 33 The actual-synthetic differences shown in Figure 1 , i.e. the differences not accounting for municipalityspecific effects or covariates, appear to be significantly positive according to the bootstrap p-values in Appendix B. coefficients for both groups are mostly small for both groups.
In columns (5)- (8) of Tables 2 and 3 , we use net revenues per capita as the dependent variable; column (5) corresponds to the specification used in column (1) etc. It can be noted that the coefficients now are expressed in thousands of SEK per capita, so a coefficient of 1 implies that admitted municipalities had 1 000 SEK higher net revenues per capita that year.
Three things stand out regarding the estimates for net revenues. First, the magnitudes of the yearly differences in Table 2 are very large. The estimated marginal effects for admitted municipalities amount to about 1000 SEK per capita, which is a little bit less than one standard deviation of the average for the period, 34 and the coefficients are highly significant most years. Second, we find little indications of a similar effect on the rejected municipalities (Table 3) , though there are a few positive significant years (especially at the end of the period). A third and final observation is that the estimates are more or less insensitive to the exclusion of neighbours.
To sum up, the estimates for costs show decreased cost levels for admitted municipalities when neighbours are included in the sample, and hardly any differences to the comparison group when they are excluded. Rejected municipalities are close to the cost level of their comparison group, regardless of sample. The consistently positive estimates for the admitted, as well as the difference in the estimates for admitted and rejected, suggest that program participation is associated with a relatively favourable development 34 The standard deviation is about the same in the group of actual and synthetic as for the whole group of 290 municipalities. of net revenues. In Appendix B, we show that similar results are obtained also when we estimate fixed effects models on the unweighted sample of municipalities (i.e. not applying the weights from the synthetic control algorithm). We also include results that indicate that the results in the sample excluding neighbours are sensitive to the chosen length of the period, especially for net revenues and for the rejected group. Importantly, per capita costs are still not significantly different from zero and net revenues are positive and significant most years 2002-2010 for the admitted group when we use the whole period 1993-2010. Thus, these results do not change our conclusions about the average effect for admitted municipalities, and the difference to the rejected group becomes, if anything, more marked.
Heterogeneous effects
The yearly average cost differences discussed in the previous section may hide substantial variation between municipalities. To examine this possibility, we investigate the actualsynthetic cost differences of each affected municipality (averaged over 2000-2010, see Equation (3)). We restrict our attention to the municipalities passing pre-program RMSPE cut-off of 0.05, to strike a balance between fit on the one hand and representativeness with respect to the whole group of affected (admitted or rejected) municipalities on the other. In order to classify each of the average cost differences as positive (cost increase), negative, or zero, we perform the placebo tests described in Section 4.4.
In the estimations where neighbours are included in the donor pool (Table 4 , Panel A), admitted municipalities are over-represented in the lowest decile of a placebo distribution: out of the 34 municipalities passing the RMSPE criterion, 32 percent (11 municipalities) are classified as having reduced costs. The average cost reduction of these 11 municipalities is 7 percent, which can be compared to their average pre-program RMSPE of 2 percent. 35 6 percent of the admitted appear to increase costs. For the rejected, the distribution is pretty similar to the placebo distributions: of 22 rejected municipalities, 14 percent (3 municipalities) are classified as having increased and 14 percent as having reduced their costs.
According to the estimates excluding neighbours from the donor pool (Table 4 , Panel B), 8 out of 30 admitted and 6 out of 20 rejected are classified as having increased their costs, while the number reducing costs are fewer (4 admitted, 1 rejected). However, we would like to stress that the fit of the synthetic controls decrease noticeably with this donor pool and that the incorporation of fixed effects thus makes a large difference for the estimated average effects. Given the relatively poor fit with this donor pool, we believe that the fixed effects pick up important unobserved heterogeneity and thus do not view the Robust standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1. Year fixed effects included in all models.
Alvdalen is excluded in all samples. Dorotea is excluded in samples excluding neighbours from the donor pool. Robust standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1 Year fixed effects included in all models. Gullspång excluded from all samples.
raw actual-synthetic differences as equally reliable as for the sample including neighbours in the donor pool. With this caveat in mind, it may however be noted that the raw actual-synthetic differences for neighbours show a similar pattern of heterogeneity, with 20 percent (6 municipalities) in the highest decile of a placebo distribution and 6 percent (2 municipalities) in the lowest decile. This analysis reveals great heterogeneity in the post-program differences. 36 In particular, the average negative cost differences for admitted municipalities when neighbours are included in the donor pool appear to be driven by a subset of this group, while two thirds of the admitted show no indication of a program effect. Regardless of which donor pool one prefers, it seems reasonable to conclude that for most municipalities, there is little evidence that the program implies increased costs in the long run. 6 Exploring sources of response heterogeneity
We finally examine whether certain structural characteristics, institutions, and attitudes can explain why some of the admitted municipalities managed to hold back costs more than others. Restricting our attention to the estimations where neighbours are included in the donor pool, we compare the 12 municipalities that appear to have reduced costs (the cost-reducer group) to the 23 municipalities that do not reduce costs (the non-reducer group) according to the placebo analysis. 37 As the sample size is very small, we foremost interpret differences between the two groups as potentially fruitful directions for future investigations.
36 We cannot perform the same analysis for net revenues, but looking at the raw averages over the period 2000-2010 for the admitted, these range from -1.2 to 2.6 percent of gross tax revenues. Thus, there seems to be great heterogeneity also for this variable. 37 We do not apply a pre-RMSPE cut-off; hence there are 12 instead of 11 cost-reducers. The twelfth municipality has a pre-RMSPE of 0.0503, which is not strikingly larger than the 0.05 cut-off applied in section 4. Table D .1 in Appendix D shows (two-sided) t-tests for equal means (or equal proportions, where applicable) between the cost-reducer and non-reducer groups for a set of candidate explanatory variables. In the interest of space, we delimit the discussion here to variables that differ significantly between the groups or are of particular interest for other reasons.
As a primarily methodological check, we examine whether the different developments of costs in the two groups relate to the importance of neighbours in their respective synthetic controls. For each synthetic control, we compute the share of the total weight that derives from neighbours to the admitted municipalities. This share is rather large for most of the 35 municipalities -the mean is 0.64 and the median is 0.74. Though the mean share is higher in the group of reducers than in the group of non-reducers (0.74 vs. 0.60), the difference between the two means is not statistically significant (p-value=0.41). Moreover, the correlation between the share of neighbours and the average actual-synthetic cost difference (average i ) is small (-0.093) and insignificant (p-value=0.59).
A notable difference between the groups is that the share receiving assistance from the contemporary housing program is higher in the group of cost-reducers (83 percent) than in the non-reducer group (52 percent) (p-value=0.070). This difference may indicate that participation in two programs -both of which coupled grants with costly effortswas necessary to enable a turn towards fiscal discipline. It may likewise mean that the general program did not affect fiscal discipline at all, but that the housing program was the real wake-up call. 38 Another possibility is that the cost reductions only capture that the municipalities whose housing companies had been reconstructed no longer had to transfer funds to their housing companies. In Appendix B, we show however that costs were not only reduced in areas where such transfers would be recorded. 39 Furthermore, there is no indication that the municipalities admitted only to the housing program reduce costs in other areas. Thus, for whatever reason, the cost-reducers appear to have engaged in a rather broad cost reduction effort.
Another significant difference between the cost-reducers and non-reducers relates to the size of the grants received within the bailout program (Kommundelegationen): on average, the grant amounted to 6 percent of total costs for the cost-reducers in 2000, but to 4 percent for the non-reducers (p-value=0.067). As the cost-reducers are over-represented in the housing program, there is also a large difference in the ratio of grants received 38 Interviews with representatives from a few of the admitted municipalities shortly after they received their grant give some support for the idea that the housing program was a wake-up call; some express that it was no longer possible to ignore the severity of the municipality's financial problems when fully functional apartments were destroyed as part of the housing program (SOU, 2003) .
39 Moreover and importantly, a majority of book-keeping posts in these two areas are also unrelated to housing (Statistics Sweden, 2012a) and the areas are small in comparison total costs (on average for all municipalities, the two categories amount to 13 percent of total costs in 2010).
from both programs to total costs; on average, total grants amount to 17 percent of total costs for the cost-reducers but to 8 percent for the non-reducers (p-value=0.011). These findings may relate to between-group differences in motivation and/or ability to reduce costs, as the size of the grant was positively related to the size of the cost reductions in the agreement (SOU, 2003 ). An argument in favour of differences in ability rather than motivation is that the cost-reducers historically have received relatively many deficit grants from the central government: on average, municipalities in this group received deficit grants from the central government in 10 of the years 1979-1992. The corresponding average is 6 in the non-reducer group and the difference is statistically significant (p-value=0.013). Moreover, the average proportion of neighbours receiving deficit grants (again during 1979-92) is higher for the cost-reducers (0.56) than for the non-reducers (0.46)(p-value of difference = 0.068). It certainly seems counter-intuitive that municipalities that are used to relying on the central government suddenly (i.e. at the time of application to the program) would be particularly motivated to increase fiscal discipline. In fact, Pettersson-Lidbom (2010) shows that municipalities that received many grants in the 1980s were more likely to apply for the program under study here, and interpret this result as a sign that the applicants were particularly likely to believe that the central government would come to their rescuehardly a sign of pre-program motivation. 40 Moreover, both groups have bought consultant services from the Swedish Association of Local Authorities and Regions to a similar degree (SALAR has a special unit that, against a fee, helps municipalities to improve their fiscal situation), and the political commitment to long-term budgets is also not different. Both these variables are reasonable proxies for fiscal motivation.
There are on the other hand between-group differences that supports ability as an explanation for the heterogeneity. The average (over 2000-2010) share of right-wing parties in the municipal council is lower in the cost-reducer group, 30 percent versus 42 percent for the non-reducers (p-value=0.010). This difference also reflect differences in electoral uncertainty: in the most recent election before the program was initiated (held in 1998), the right-wing parties had between 45 and 55 percent of the votes in one third (8) of the nonreducer municipalities, while there were no such close elections in the cost-reducer group (p-value of difference = 0.020). The cost-reducers could thus implement cost reductions with less fear of losing the next election, while the situation was different in the other group.
The relative increase in fees and total revenues between 2000-2010 is significantly higher in the non-reducer group (p-value = 0.016 and 0.002 respectively). This group 40 The grant was reasonably the prime incentive to participate in the program. Any actions taken to increase fiscal discipline during the program would in principle be possible to implement without involvement of the central government or the program committee.
has also increased their tax rates more (although not significantly so, p-value = 0.137). These differences may be related to the differences in electoral uncertainty between the two groups. It may be less costly (in terms of votes) to raise taxes and fees than to cut spending on popular services; thus, municipalities with close elections may opt for the strategy to increase revenues, while municipalities with more certain majorities can afford to choose the cost-reducing strategy. In relation to this possibility, it can be noted that the positive and significant coefficients in the FE regressions on net revenues are not driven by the group of cost-reducers (results available on request). There seem to be less heterogeneity when it comes to net revenues than when it comes to costs.
Apart from these variables, we find no significant between-group differences for any of the examined demographic, economic, political, and institutional variables. Missing values for the institutional variables is a concern however; thus, we do not rule out that institutions may be a channel for the differences between the groups.
Conclusions
None of our main specifications indicate that the admitted municipalities on average have increased costs significantly, and all specifications indicate that they on average have increased net revenues significantly. There is heterogeneity behind the average results though; some are more prone to cut costs while others mainly increase revenues. A cautious interpretation is that conditional discretionary intergovernmental grants need not have negative effects on fiscal discipline. A stronger claim is that the program even increased fiscal discipline in several municipalities.
The assumptions needed to identify causal effects of the program are untestable, but we can discuss their validity in relation to the two interpretations. Of the municipalities in the comparison group, we believe that neighbours to the admitted are the most likely to be influenced by the program and we find evidence consistent with such spillover effects in a few cases. SUTVA is thus least likely to be violated when we exclude neighbours from the comparison group. In these estimations, we find no significant effects on the post-program costs of the admitted; thus, there is support for the more cautious of our interpretations. As the admitted have significantly higher net revenues in this sample, there is even support for the stronger claim. It should be pointed out though that the estimates for net revenues rely on the additional (and in our view reasonable) assumption that the synthetic control municipalities constructed for costs are valid also for net revenues.
The admitted and their neighbours are similar in many respects. While increasing the credibility of SUTVA, the exclusion of neighbours therefore simultaneously reduces the credibility of the unconfoundedness assumption. For the sample including neighbours, the admitted on average have significantly lower costs and higher net revenues than their synthetic controls. If SUTVA holds, these results support the stronger claim. Notably though, even if SUTVA does not hold and the neighbours are affected by the program, the results suggest that fiscal discipline benefited less from, or was harmed more by, nonparticipation than from participation in the program. Whether fiscal discipline overall benefited from or was harmed by the program can however not be established in this case.
Though we compare very similar units and control for time-invariant characteristics, unconfoundedness may still be threatened by unobserved time-variant characteristics. In relation to the cautious interpretation, it is for instance conceivable that the program harmed the admitted municipalities' motivation for fiscal discipline and that they would have displayed even better outcomes if the program had not existed. In relation to the stronger claim, the most concerning confounder is that the admitted municipalities for reasons unrelated to the program have become more motivated to come to terms with their fiscal situation. We find unobserved fiscal motivation less worrying for two reasons:
First, in most samples and for both outcome variables, there is a visible turn towards more discipline in 2001. This was the first year when admitted municipalities had time and explicit incentives to react to the content of the program (rather than just to its announcement). Among all conceivable explanations for the timing of the turn, a program effect appears most plausible.
Second, we find little evidence of improvements for the municipalities that were denied to participate in the program, who were similar to the admitted in many respects and obviously were motivated enough to apply to the program. We cannot rule out that the program committee was able to discern and admit only the most motivated applicants. Motivation at the time of admission should however be captured by the fixed effects, and thus cannot explain the different results for the two groups. The most plausible explanation instead relates to participation in the program: while the admitted could use a pending grant to convince the opposition and/or the public about the necessity of improving discipline, the rejected had no such means at hand. 41 We do not intend to downplay the importance of motivation for the establishment of fiscal discipline. As long as debt roll-over is possible, motivation is a prerequisite for fiscal discipline. It is also the only channel through which the program possibly may have affected the municipalities' behaviour after its closure. Our point is rather that it is hard to explain the change on average for the admitted without referring to their participation in the program. On balance, we think that the most plausible interpretation of our results is that the program did not reduce the fiscal discipline of the admitted, and that it even had beneficial effects on fiscal discipline in several cases.
Only some of the admitted municipalities reduce costs significantly compared to their synthetic controls. This group does not appear to drive the results for net revenues and we find no differences in motivation between the two groups of admitted municipalities. A tentative explanation is instead that the incumbent politicians in municipalities opting for the cost reducing strategy had more certain majorities, and thus could afford to cut costs without fear of losing the next election.
The contrast between our results and the message from previous studies suggests that the conditions attached to the grants, a distinguishing factor of the program under study, may be a key component in dampening the soft-budget effect of discretionary intergovernmental grants. If the government clearly announces that harsh conditions will be applied, negative spillover effects on other units may moreover be mitigated. This is important as previous research (Pettersson-Lidbom, 2010) as well as our findings are consistent with a spillover interpretation. However, to claim more conclusively that conditions are crucial we would need larger samples and more variation in the conditions. This presents an interesting avenue for future research in other contexts. 
A Descriptive statistics
This section shows descriptive statistics for the municipalities, divided into admitted, rejected, and others. Table A .1-A.3 display variables corresponding to the selection criteria for the program, as well as the number of bailouts and share of neighbours with at least one bailout during the earlier regime of discretionary transfers. Table A .4-A.6 display summary statistics for the time-varying covariates in 1999. Economic variables are in 2010 prices. 
B Sensitivity tests and covariate estimates
For comparison, this Appendix includes estimates from FE specifications on the "raw" sample of municipalities, i.e. not applying the weights obtained from the synthetic control method. We also estimate similar FE specifications as in the main text, but include more pre-program years, and present estimates where the dependent variable is disaggregated into costs possibly related to housing and costs unrelated to housing. Finally, we present the raw actual-synthetic cost differences, as well as bootstrap estimates of the significance of these differences. Table B .1 shows results from fixed effects regressions where we do not apply the weights obtained from the synthetic control method. The estimation samples cover the whole period 1993-2010. To capture the long-run effect for admitted and rejected municipalities in the same regression, we use two dummy variables (admitted and rejected ) that take on the value 1 from 2000 and onwards for the respective groups.
In column (1)- (4) we use per capita operating costs as dependent variable. In column (1) the full sample of 290 municipalities is included. The admitted coefficient is negative, significant and amounts to about 2 percent lower cost level on average, while the rejected coefficient is positive and insignificant. In column (2), we let the dummy variables take the value 1 already in 1999. The admitted coefficient is still negative but now insignificant. The rejected coefficient becomes somewhat more positive, but is still insignificant. In column (3) and (4) we let the samples mimic the donor pools used in the synthetic control estimation: (3) includes the 33 neighbours of admitted municipalities that were not excluded for other reasons, while (4) excludes this group. In these two estimations, we also exclude the admitted and rejected municipalities that we were unable to develop synthetic controls for; i.e. column (3) excludesÄlvdalen and Gullspång and column (4) excludes also Dorotea. In line with the baseline estimates presented in section 5, the coefficient for the admitted group is negative and significant when neighbours are included, and more or less of the same size as in the full sample, while less negative and insignificant when neighbours are excluded. The coefficient on rejected municipalities is positive, but small and insignificant in both columns which is also in line with our baseline estimates. Furthermore, the coefficient on admitted municipalities is significantly lower than the rejected coefficient on at least the 10 percent level in all columns (1)-(4).
Column (5)- (7) instead use per capita net revenues as dependent variable. In column (5) we again use the full sample, while column (6) and (7) corresponds to the sample used in columns (3) and (4) respectively. The admitted coefficient is positive, significant and large in all samples: the magnitude corresponds to 500 SEK per capita higher net revenues on average (for comparison, the mean and standard deviation for all municipalities 2000-2010 is 621 and 1,272 SEK per capita respectively). The rejected coefficient is positive, insignificant and about half the size of the admitted coefficient. The difference between the two groups is not significant in any sample. 42 As in the baseline estimation, we include government grants and its square in these estimations, although this variable may have been directly affected by the program. There is however, just as in the baseline, hardly any effect on the admitted and rejected coefficients if we instead exclude these two variables (results available on request).
In our baseline FE estimations, we use a short sample from 1999-2010 to capture more of the unobserved heterogeneity (as more things should be fixed over a shorter period). This is especially important in the specifications where the fit of the synthetic controls is less good as in the samples excluding neighbours, but also for the estimations of net revenues. However, this approach may be problematic if the difference between actual and synthetic municipalities is large for some idiosyncratic reason in 1999.
To see if this is a problem, we re-run our baseline FE regressions with the samples of actual and synthetic municipalities but use the whole period 1993-2010. When neighbours are included in the sample, this yields similar results for both admitted and rejectedvery much alike for costs, somewhat more attenuated coefficients for net revenues but still large and highly significant most years (results not shown). This is fully in line with the view that the fixed effects are less important in these samples. In column (1) and (2) of table B.2, we replicate the potentially more problematic specifications that excludes neighbours for the admitted group. Column (1) shows coefficients using per capita costs as dependent variable and including covariates (compare column (4) of Table 2 ). There are some significant and positive years for costs but most are insignificant, especially towards the end of the period where there are also some negative coefficients. In column (2), we show the coefficients for a similar specification with net revenues as dependent variable (compare column (8) of Table 2 ). These are smaller and less significant, but still positive all years except one during 2002-2010, and large and significant for several of these years. For both costs and net revenues we get closer to the coefficients from the estimation on the 1999-2010 sample as we progressively shorten the sample (results available on request). Thus, we do not think that these results should change our main conclusion that fiscal discipline for the admitted group have not deteriorated on average, and have increased for several municipalities.
The changes for the rejected group are larger when we exclude neighbours, especially for costs. The rejected × year coefficients using costs as dependent variable are consistently positive, larger than in the baseline, and significant for a majority of the post-program years in the 1993-2010 sample. The results for 1999-2010 also seems more special compared (2) includes all 290 municipalities. Column (3) includes the donor pool of 136 municipalities, plus 35 admitted and 22 rejected municipalities. Column (4) includes the donor pool of 103 municipalities, plus 34 admitted and 22 rejected municipalities. Column (5)- (7) use the same sample as column (1), (3), and (4) respectively.
to the results for the admitted group, as there are still many positive and significant coefficients for the intermediate sample lengths as well. When we use net revenues as the dependent variable, the coefficients are also smaller and some are negative (although never significant), while there are still some large, positive and significant years in the 1993-2010 sample (all results available on requests). As the synthetic controls have worse fit for the rejected group, we are more reluctant to draw firm conclusions from these results, but the difference to the admitted group definitely seem to remain also in these specifications.
Columns (3)- (6) in Table B .2 show FE models with the per capita costs variable disaggregated into two: costs potentially related to housing and costs unrelated to housing. As discussed in Section 6, we want to examine whether the cost reductions of admitted municipalities are only a mechanical implication of having reconstructed their troubled housing companies. 43 This may be the case if municipalities made transfers to their troubled housing companies before the reconstruction began, but no longer have a reason to do so after the reconstruction. The cost reductions we find in our synthetic control estimations are then unrelated to changes in fiscal discipline. The dependent variable housing covers the bookkeeping posts where transfers to housing companies should be recorded (Statistics Sweden, 2012a, p. 41 and 50) ; 44 it should however be noted that these posts contain a lot more than just housing related costs. non-housing covers all other bookkeeping posts. In columns (3) and (4), the estimation sample consists of admitted municipalities and the donor pool including neighbours during the period 1998-2010 (we do not have data over the different areas of costs further back). The estimates show that the admitted municipalities have had significantly lower values of non-housing during most of the post-program period, while the level of (potentially) housing-related costs is not significantly different except in 2002 (although the point estimates are sometimes large).
In columns (5) and (6) of Table B .2, we estimate a FE model for the full sample of municipalities while including single-dummies for admitted and rejected. This allows us to study also the municipalities that were in the housing program but that did not apply to the bailout program. housing program, a dummy equal to one from the year a municipality was admitted to the housing program and onwards, is insignificant for both types of costs (although very close to significant for potentially housing related costs). The admitted dummy is negative but insignificant for housing related costs, while negative and significant for non-housing related costs. This result does not support the hypothesis that the program effect for the cost-reducers was only due to their participation in the housing 43 It is common practice to have municipally owned commercial real estate and apartments for rent in a separate limited liability company, and not as a part of the regular municipal administration. All municipalities admitted to both programs except one (a non-reducer) followed this common practice already before the two programs started, the cost reductions should thus not be caused by reducers simply moving housing costs off the revenues and cost statement and into a separate company.
44 Infrastruktur and Affärsverksamhet. program.
B.1 Synthetic control estimates and inference
This section displays the yearly averages of the raw actual-synthetic difference in costs. Starting with the results when neighbours are included in the donor pool, the solid black lines in Figure 3 shows average per capita costs for admitted (left panel) and rejected (right panel) municipalities; the dashed black lines show the corresponding averages for the synthetic controls. The gray lines display the corresponding graphs for the placebo group, that is, the donor pool (note that admitted and rejected have the same placebo group); evidently and reassuringly, there are no signs of any program effect for the placebo group. Only observations with a pre-RMSPE lower than the 0.05 cut-off are included in the figure. Results for each RMSPE cut-off are shown in Table B .3. The inference on the yearly average program effects in Section 5 relies on standard errors from the fixed effects estimations. As an alternative way to evaluate the statistical significance of the yearly average program effect, we use a variant of the method recently suggested by Cavallo et al. (2011) . Let N p , p = a, r be the number of units affected by the program, where a denotes admitted municipalities and r denotes rejected. The average of the difference in per capita costs between each actual municipality and its synthetic control in year t is thenᾱ
Cavallo et al. ask how rare it is to encounter an average effect, computed over N p units, amounting to the estimated program effect. They thus calculate the average effects for each possible combination of N p -sized samples drawn from the donor pool, and check where the program effect ends up in this distribution. We modify the method slightly because of our large donor pool. We choose to draw (with replacement) 10 000 bootstrap samples of size N p from the donor pool for each of the eleven years during and after the program. We then compute the "p-value" of the average program effect in year t ≥ T 0 , i.e. the probability to observe such a large/small effect in the absence of program, as p − value t = 10000 dp=1 1 ᾱ dp t <ᾱ t 10000
whereᾱ t is defined as in equation (4),ᾱ dp t is the average placebo effect in bootstrap sample dp t , and 1 (·) is an indicator function taking the value 1 whenever an average from the donor pool is lower than the program average, if we are doing inference about negative point estimates (vice versa for positive estimates). The p-values can be interpreted as an estimate of whether a certain average program effect is large compared to the placebo effects and therefore also tells us if the effect is likely to be due to chance.
As would be expected given the small magnitudes, the actual-synthetic differences are rarely significant for the rejected. For the admitted municipalities, however, the bootstrap p-values suggest that the effects are unlikely to be due to chance: from 2001 and onwards, the p-values are well below 0.05. Figure 4 (again for municipalities with pre-RMSPE < 0.05) and Table B.4 show the results when neighbours are excluded from the donor pool. As discussed in the main text, the estimates are not as stable over the different cut-offs as when neighbours were included in the donor pool. For the admitted, the average differences are now positive and significant until 2009 when looking at columns (1) and (3), where the relatively lax pre-RMSPE cutoffs are applied. For the observations with lower pre-program prediction error than 0.03 (column (5) and (7)), the estimates are positive and significant in the first years but turns towards zero already in 2004; the differences in 2005 and 2009 are even significantly negative in column (5). For the rejected, we see positive and significant effects until 2009 at most cut-offs, though it should be noted that more than half of the rejected municipalities fail to pass the lower pre-RMSPE cut-offs.
There are some discrepancies between the results reported here and the ones reported in Tables 2 and 3 when we exclude neighbours from the donor pool. This is not surprising: it becomes more important to control for unobservable, time-invariant characteristics and observable time-variant characteristics when the match between actual and synthetic controls is worse. That the estimates are similar, especially for the admitted group, for the samples including neighbours are reassuring. 
C Synthetic control estimates for neighbours
Here, we report results from the estimation of synthetic controls for the 33 municipalities that are neighbours to at least one municipality admitted to the program and not excluded from the donor pool for other reasons. The donor pool consists of 103 municipalities as described in Section 4.2. Apart from 1995 and 1999, pre-program fit is in general good for the neighbours (average pre-RMSPE is 0.020). However, there are some prominent exceptions for which the algorithm fails to find good controls, especially Lycksele (pre-RMSPE = 0.079), Vilhelmina (0.065) andÅmål (0.049). Notably, Lycksele contributes to the synthetic control (i.e. has a weight>0) of 14 admitted municipalities, Vilhelmina contributes to 13, andÅmål to 4 (Lycksele's average weight is 0.115, Vilhelmina's is 0.337, andÅmål's is 0.197). It is therefore unfortunate that we do not get very precise estimates of the "program effect" for these municipalities. Figure 5 shows that the average of neighbours' actual costs are higher than the average of synthetic costs for several of the post-program years (as well as for 1999). Only the 31 municipalities with a pre-RMSPE < 0.05 were included in the computation of the average shown in the figure. An examination of the average (over 2000-2010) difference of each individual neighbour suggests that the positive differences found on average are driven by 6 municipalities (includingÅmål). 2 neighbours have instead reduced their costs relative to their synthetic controls. It is worth emphasizing that 23 of the 31 neighbours with pre-RMSPE<0.05, i.e. an overwhelming majority, are quite close to their synthetic controls; in other words, seemingly unaffected by the program. Table D .1 shows the group means (or proportions) and two-sided tests of equal means (proportions) for a set of explanatory variables.
D Tests of equal means and equal proportions
neighbours' weight indicate the proportion of a municipality's synthetic control that derives from neighbours. I.e. if two donors contribute to a synthetic control and one of them is a neighbour with weight 0.7, then neighbours' weight equals 0.7 for this synthetic control (recall that the total weight is normalized to 1). housing program is a dummy equal to one if the municipality was ever in the housing program, and zero otherwise. The next two variables relate the grant received from Kommundelegationen and, respectively, the total grants from the bailout program (Kommundelegationen) and (if applicable) the housing program, to the municipality's total costs of services in 2000. The variables number of bailouts and share of neighbours bailouts were presented in Section 3.2; note that they concern the period 1979-1992. Regarding the political variables, close election in 1998 is a dummy equal to one if right-wing parties got between 45 and 55 percent of the council seats after the 1998 election and years, left majority counts the number of years (during 2000-2010) that the Leftist party and the Social Democrats together have had more than 50 percent of the council seats.
There are also some self-explanatory structural variables (see also Section 3.2); here, ∆-variables measure the relative change over 2000 . The mean (over 2000 of population density (inhabitants/km 2 ) is included because it may be more difficult to reduce costs if the population is more spread out (due to fixed costs).
We also set out to examine institutional features of the budget process and some measures of motivation for fiscal discipline, using survey data collected by the Swedish Association of Local Authorities and Regions (SALAR) in 2004 and by ourselves in 2010 (Dietrichson and Ellegård, 2012) . From these surveys, we take some institutional variables that were significantly correlated with better fiscal performance in the Swedish municipalities in Dietrichson and Ellegård (2012) . The third survey was conducted by Statistics Sweden in the election years 1998 and 2002. The variable help from SALAR 2000-2010 tests for differences between the groups in their propensity to buy consultant services from SALAR that have a special unit that, against a fee, helps municipalities to improve their fiscal situation (personal communication).
The surplus/deficit rules-variable, measured in 1998 and 2002, indicate whether there are regulations regarding local committees' surpluses and deficits, but does not specify what type of regulation. centralization, which is available only for 2010, measures the presence of restrictions on the bargaining power of local committees and administrations in the budget process. centralization is an ordinal variable with four categories, where 1 implies most centralized and 4 implies least centralized. The dummy variables keep surplus and keep deficit, measured in 2004 and 2010, indicate whether local committees are allowed to carry over surpluses/have to carry over deficits to the next fiscal year or not. manager risk, measured in 2010, is a dummy variable that equals 1 if managers of local administrations run a relatively high risk of being replaced if they repeatedly run deficits. The dummy long term budget indicates whether the multi-year budget is viewed as an important commitment by politicians or not. The last dummy variable, conflicts of interests (also this from 2010), equals 1 if a municipality reports that the executive committee and the municipal council assign higher importance to fiscal discipline than local committees. 
